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Overview

Overview: The Company TROCAFONE Overview: The Business Challenge

Trocafone is the leading marketplace for used smartphones in Brazil == A new dynamic pricing model is required to achieve optimal pricing ==
e The opportunity: For >100M people in Brazil new smartphones TROCAFGNE The problem Pricing model today"
are too expensive, but used phones unreliable and difficult to get e s e Given its strong growth trajectory, Trocafone’s current |
e Trocafone founded in 2014 by Guille Freire and Guille Arslanian -— manual pricing approach and processes are out-of-date SE B S EEELEE R
Life companion Samsung
- . . Galaxy 54 19505 16GB Pret - .. - . .
e #1 online marketplace to trade used smartphones in Brazil ) i ° Af?V“a'_“"':fF""'c':‘g algfr't:f“ .ang aUtoTat(:'d lprICIng model =ET=
. . . . s orrers signiticant prorit optimization potentia
o 128 employees in Buenos Aires, Argentina, and Sao Paulo, Brazil 3 & P P P
o Frictionless transaction: purchase, refurbish, and sell used phones .
P ’ ’ P . Project scope h 4
o Founders: “One man’s trash is another man’s smartphone” B comrasenrs [ sk som uron D 3 bses e Garante . .
- | ® Develop a dynamic pricing model prototype New dynamic pricing model’
o 2016: 42,000 customers, collares ot Yeneides o Define pricing algorithm for select SKUs in Brazil
o Outselling competition by 10x - o Develop a first simple functional prototype
© Incorporate industry best practices
e Trend: Price sensitive customers prefer used smartphones e e . . -
. . - - e Strategic direction & governance considerations
e Vision: Reducing e-waste and simultaneously bridging social SEEwSmE | | SEyRtmE | | Svelmne | |G ne o Define processes & governance structure for new approach
inequality in Latin America! e [T E I e o Define roadmap: testing, training, deployment, add-ons
.. o Define pricing strategy given future industry trends in pricing
www.trocafone.com
e ¢ 4 -] 1: Trocafone, 9/2016 o 5
Pricing Theory & Technology Architecture
Price Elasticity of Demand - Determining Price and Sales () Technology Architecture - Core Data Flow
Using the PED and average costs per SKU the optimal price can be determined that will maximize profit = The pricing algorithm processes sales and financial data to suggest optimal prices
Price-Sales-Relationship for a sample SKU Linear Regression and PED Back End per SKU = Mid Layer per SKU = Front End per SKU
_ , ' Kiss i Python | e P | Redash |
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sale 00'28 3 Slope PED -6.4 o \o: E Finance Trade-in price4 i ' E E . . :
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— b = ' Pri : | : : PR ;
Qu= axP logQy = loga + B = log P i l:trz:ceTrax Price comparisons |- i | ., Competitors’ prices, new |
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MANAGEMENT 1 web hits: user views one phone 2 conversion: user confirms payment Y 7 handling, war:h-o-u-s;.- f;;;,-e-t;. --------------------------------------------
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Pricing Algorithm Development

Pricing Algorithm - Pricing Model Development O Pricing Algorithm - Validation of Elasticities O

Major improvements of the algorithm have been been incorporated. More to come — The output from each version are visualized in Excel to validate improvements
Version 1, Base model 2.+ Seasonality 3. Hourly data 4+5, Filters 6. Discounts out 5_2. Regular = Bom Comparison of different pricing algorithm versions in Excel
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1 Removed prices with less than 1000 hits/overall; Remove trocable IDs with MANAGEMENT O 22
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Front End - Use Cases: Example Inventory Constraint Front End - Dashboard in redash |
The algorithm suggests prices and expected sales to account for inventory constraints = The dashboard displays price suggestions and key metrics for select SKUs" and use cases
Price and Sales suggestions by inventory scenario Profit-Price-relationship l Emmn w5 rglash
lllustrative lllustrative _| Download
MIT-Pricing :: Full report for top 100 viewed bom trocables Show Source
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Optimal Price & N. Sales for 3. Price given
_____ S A profit maximization Constrained
| | Inventory
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| | (Current Stock >> Expected Weekly Sales Rate)
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