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Agendas, both implicit and externally imposed; have many strategic . . 
implications ill marketing scienc�·o. F�r ·example, advertising·copy·often
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attempts to i\if1u�nce·the:· or.der-in··whi�h alternative products are compared o 

. . 
. � 

One goal of ·the original 7-up 11uncola" campaign was· to shift· 7-.up from be-

ing con�idered with.other medicinal drinks to being con·sidered with colaso 

The placement of product� in stores and the ·choice of distribution channel 

are other appl ications o Constder the importance of ,iend·..:ai,.'. e11 displa:r-> 

wh.ich place. a product �par� from competftors or consider the success.of

"L' eggs 11• and suosequeryt _entrants which encourage consumers to consider

hosiery as another grocery store purchaseo One does not have to look be� 

yond the po1t1er .of the .HOUSP Ways and Means· Committee in the UoSo Congress 

to recognize the influence of .agendas en the outcome of group_choice.

Externally imposed constraints on· agendas are important but we can­

not neglect implicit or self-imposed agendaso For example, an industrial 

se11er of computer peripheraTs may face a bu:,,{ng process of multiple buyi.ng 

centers wh.o sequentially consider various aspects of the seller's equip­

ment and successively eliminate some manufacturers from consideration b�sed 
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on whether or �at they fulfill the needs (specifications) of the buying

center. • We wil I show ,tha�. the or.der in which asp�ct?. are considered can
• ' ' 

influence the outcome of the purchase decision. 

Another implicit agenda problem-is the identification of market 

struct_ure. Selecting th.e "right 11
. market to �nter greatly enhances the 

likelihood and magnitude .of a ne� produ�t succe?s. Selecting the wrong 
.. : • r • . 
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market can doom a new. product to failure. One component of market selec­

tion is the measur�ment techniqu�s a·nd ana,lytical models used to determin�

the structure of the market hierarchy o F9r �ample, consider the simp1i-
. . 

fie� hypothetical market hierarchy for the television market shown in 

fj gur.� 1. ·,. rf, as. shown, the-. consumer first chooses among I con�o 1 es' and• • 
; • . , - . : 

. · .. � . � 
1 portaqles 1

• then amqng. 'color 1 and 'black and whita 1
, a manufacturer of. . - ' . 

• co 101'." s:ons_q 1 es_ mi:!Y favor.. c91 or portab_l es so he can. compe�e _i_n both 11markets II 

and not cannib?-lize his existing pr.qdu�t line. Once. such market structure

is Ul)de_rstood
? 

th� i.nnavai;ing firm can better select a market on tha bas.is

. of sales pqtential,. p�netration, seal�, ipp�t, rewar:d, risk, and match to. . . , . � . � 
th.e organizat1'on 1s capahil iti;eso

Color 

Consoles. 

·I·

Portables 
:'• 

B & W .Color 

Figure l: SimpZified. Hypothet'iaa'l ImpZicit Agenda for the

TeZevision Market 
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Th.is pa.per itwestigates some of the theoret1cal properti0s of age1idas 

and their effect on choice probabi.li.ties. Our purpose is not to construct

nqnnative marketing science models, rather to ivvestiQate relationships,

structure,_ and identificatioQ of agendas with respect to.three gen�ral

cognitive processing chaic� rules. As such we hope to provide the mathe­

_matical theory for future strategic mode1s. 

'Processing Rules

To model the effect of agendas ·we model the human (organizational) 

decision maker as successive1y selecting subsets of alternatives from some 

offered set until only one alternative is left. (He.can, of course, simply 

select c1,· s�t which contains but one product.) Within this structure there . 

are three components to the decision process: 

l. AdJJtissiale sets, i.e., the choice sets which are allowable

with.Jr:i. -th.e mode1 's structure.

2. Ag�ndas, i.e., the order of consideration in selecting among

choice sets.

3. Processing rules, i.e., rules by which aspects of ·choice alterna­

tives determin�, the probability tJ-,-,,t an admi ssi bl e choice set i:

selected at each level within the agenda.

These three components completely specify choice probabilities within an 

offere� set. In this paper we consider.four processing rules? three of which 

are genera1izations of tne first. 

constaitt Ra:tio Model (CRMJ ., Also known as independence of irrelevant 

alternatives (IIA) and as Luce's axiom is probably the most .familia� proces­

sing rule� CRM States that an .alternative ·is selected with probability

proportional to the meas.ure of the alternative, independentiy of the choice

set. As such, CRM is agenda-free. All subsets are admissible but we need 



123 

only oe concerned with the ful 1 • cdfered, set and all ·s.i'ngiie,tons (s1::ts· con­

taining only one alternative). CRM is a useful rr:odel'·but leads to many -

logical prob.1ems. See Tversky (1972). 
., 

. . . 

Elimination by Aspects (E'EAJ° concentrates on aspects of choice alter-

natives rather than choice alternatives. Far e.xamp1a·, an aspect of a tele­

visi•on might ·oe 'rolor 1
• EBA postulates that an aspect is selected with

probability proportional to the aspect's measure and all alternatives not

containing the aspect are eliminated. The process continues until but one

alternative is. ·left. Any set of· alternatives··which share an aspect are

admissib-1e .. EBA eliminates. many of the.logic.al problems of ·cRM !) but can

be· quite co1l1p1ex requiring 2" parameters ·if all subsats· are admissible�

(n is·tne numfler of alternatives .. )

Hiera:rc:h.icaZ EZimina:tion Modei CHEU} specifi·es choice among parti­

tions of choice setso. At each- level· ·;-n an agenda; the decision maker is
- .. 

faced w{th. a ch.oice among mutua'.11y' excfusive and collectively -exhaustive 

sets of choice alternatives lpartitions)o If HEH holds, the proabi1ity that 

a choice set is selected
=

is proportionai to the·su� of the measures of all 
. . ,' . . 

aspects which. are associated with at .. least one alternative in the choice
. . 

set excluding aspects shared across, partitionso • The decision· proceeds 

through a succession of,partitions·until one alternative ·;s left0

Hie�az,ahicaZ Balance ModeZ'(HBM) also specifies choice among partitions. 

However, the probability that a. choi'ce set is select2d is proportional to 

the sum of the aspect measures of each alternative in the partition e.'<cluding

aspects shared ·across all alternat·ives in the partitionso The difference

between HEM and HBM is subt·1e bu-t -importanto In ·HS-i we .a·ssume the· decision

maker only looks at the unique aspects of a partitiono Hence, if an a�pect!)

say, 'color r , i� contained iri in alternative ih·-each set of t�e partition,
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HEM d0<:s not include it even if some·a1ternadves in a set c!o not contain 

the aspect. In HBM we assume the de�ision maker l�oks . at alternatives

within a partition. He excludes only those aspects contained in all alter­

natives in the offered set. Hence, if an aspect is in ·each set of a parti­

tion it will be counted unless it appears in all alternativ�s in.the offered

set. The appendix gives examples of CRM, EBA, HEM, and HBM. (The tenninology of HBM 

comes from an analogy to a series of balance pans.) 

Each. of the l_ast three mode 1 s, EBA, HEM, and HBM, are 1 ogi ca 1 genera 1 i-
. . . 

zations of CRM and each. model overcomes the log·ical problems associated 'tlith 

CRM. Eacn rule uses different cognitive processing, but ? a priori, we-can­

not specify .. wh�ch.model best. de�cri.bes h�rrian (or organiz�tional) choice be-
. .  

havior. Before further examining the relationships among the models we 

specify certain structures of admissible sets that are given special consid­

eration. 

Agenda.s 

We can represent. an agenda as a directed graph. The sourc� is the

offered seto Each singleton lsingle alternativ�J is a tenninus. Flows pro­

ceed from each. node to_ prqp"' subsets wlrich are admissible. For e:,;;ample, 

if {x;y,v,id is the offered set and {x,y},[v,w},{x,v},{y,w},{x},{y},{\I}, and 

{w} are admissible then.one possible graph is shown in figure 2. We show

later that figure 2 is a graph of a full,. balanced design�

I 

Figure 2: A Graph of EBA on a F'iJ.'lZ BaZa:nc:ed Design



Gz,�h of CRN.. A parsimonious representation of CRM is a "bush" 

with no i.ntennediate nodes .. See figure 3a. . 
. 

,• 

. Graph of HEN
., 

HEM._ If we know �he agen��-' then both HEM and HBM 

appear as tree structures. See figure 3b .. We show that various aspect 

structures (.preference trees, full, balanced design) restrict the allow­

able _graphs- to certain trees. 
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Gz,aph of Simi'Zarity Uode"ls. Recently a number of choice models have 

been proposed.which extend_CRM QY �ncorporating similarity measures. In 

graphical terms _the admissible sets for these r.�odels are all doublets and 

sitJgletons. All lin_ks are al)owable , si;e fi3ure 3c.. . 
' 

. 
. Graph of E_BA_. In the most general case for EBA, all proper subsets. . . 

' , . 
are admiss,c.le . _Even for four alternatives EBA is so.complex we have not 

drawn it here. 

{x,y, v ,w} 

-� {x}

i-�., {y} 

-,- {v}- - • 

--� ·{wl 

c
{xl

-C{x,y} ) {y} 
{x,y,v,w} {v,w}�{v}

, -� {w} . . .,, 

a). Constant Ratio Mode 7, ·b} One Pa:I'tition for HE:-i
or-!J]3U 

. . , 

{x ,y} --=:::::-----= lx} 
, {x ,.v} 

{y} 
, {x,w} 

;{y,w} 

:, {v ,w} 

C) Sir.ii Zar-i ty • Nod.e z 

[w} 

Figure 3: Gziaphic Interpretations of Three .4.ger,.das



I AdmissibZe Se�s 

�s discµsseq above EBA is a very com�_lex .model incorporating all 

potential subsets and links in a graph. Fortunately there are a number

of useful restrictions on admissible sets that make ��A a more practical

model for strategic decisions. Similari�y mo�e)s are on� restri�tion re-
. . n quiring only nln+l)/2 parameters compared to 2 jn a genaral EBA m9d�lo
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Hierarch·ies of parti"t:ion:3 ?uch as figure 3b are a_nother class of useful res-

trictions� \fe are interested 1n two other important restrictions, prefer­

ence trees and fun., balance� designs.. These are certainly not the only 

restrictions, h�wever, they are a-useful beginning to_i11ustrate many 

phenomena.· 

'PJ?ef�e Trees. ?re a subclass .. qf �artitions defined on ·aspects. 
r . 

In particular, if x' is the set of aspects associated with alternative x � . 

then two alternatives� x. and y, are part of a preference tree if either 

::..
1.c.y' s y'c:x.'.,. or. . .x'ny• .= qi. Conceptually a .p_reference tree is an assymetric - . .· , 

tree in wb.ic;t· an asp_ect cannot appear gn two or more __ distiric� br;1ncheso

Figure -4 is- a· preference .treeo ·Preference trees turn out .to be useful 
.. 

strategic conc-;Jts because- l 1) ther- have � natural agenda de'fined by the 

aspect structure and (2) they are� much mar� parsimonious repr.es�nt�tion 

than a general EBA:mode1 o _For greater detail see Tversky- and Sttttath (1979}.

Consoles 

I. 
Color 

I 
I 

B & W Portables 

Figure 4: Hypothetiaa"l f'riefe-:ttenae Tree (Ass�-metric Tree) 



FuZZ, baZanced designs. Not all marketing problems occllr as prefer­

ence trees. For example, many market structure problems, such as.figure 1,

are concerned with.trees where aspects· appear on more'than·one branch� Fur­

thennore, many data collection· procedures use factorial designs. In this

paper we i-nvestigate full° factorial designs o For example, consider two at.:..

tributes, a and b, each with two levels, a1, a2, and bi, bzo Then a full

f t • l d • • • t f f d t def,· ned such that ac or,a es1gn Gons1s s o  our ·pro uc s, x,y,v,w, 

. 
. . 

to this design then·the admissible sets are shown in figure 2-. For example, 

if ai is the first aspect to be chosen then the decision maker·selects the 

admissible set,·{x,y}, from th� offered set� lx,y,v,w}o We do not investi-· 

gate fractional factorials, such: as' orthogonal· arrays, but these are natural 

extensions of the theory developed here. 

ReZo:tionskips A:J:,tong Processing Ru.Zea 

EBA s HEM, ·and HBM. are' different cognitive processing rules, but they
• 

' 

do riot always imply different choice probabilities.o For example, Tversky

and Sattath: (1979, Equi\r.alence Theorem) show that EBA and HEM yie1d identical 

choice probaoiliti� .. on a preference tree" Such a result is not nbvi.ous 

·a priori, but once prov�n it.has tremendous implications. For example, if

we wish to distinguish experimentally among EBA and HEM then we cannot ·restrict

ourselves to a preference- treeo In this paper we extend the Tversky-Sattath

Equivalence Theorem to other structures and processing ru1es o In particular,

we show

02 -HEM and HBM yield equiva1ent choice probabilities on a preference

treeo 

l2) EBA and HEM yield equivalent choice probabilities on a fun 

b'alanced designo 



(3) HEM· and HBM (and henc.c EBA anc;l -HBM) yield different choice
. .

praba6ilities on a f�l) bal�nced_desig�� _. 
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l4) · All thr�e rules, HEM; HBM, an9 EBA, yield poten_ti.al.ly .diffe.rent . . , 
choice probab.ilities ,on incon:iplete fact9ri_a1s. teg.,".{x ?y ? _v} in 

the above· notation. ) 
At present.we have investigated these theorems on ��a-by-two.designs� By 

the time of the conference we should know the extent of their generalizabi1ity. 

Cons�ain.ed A.gendas .. 

HEM and HBM have associ.ated agendas i!flplied_ by definitiono In general > 

EBA-does not. Thus we consider a constrained version of elimination by 

aspects (CEBJ\J in which an agenda is imposed. In CEBA, the probability of.. 
choosing a partition is equal to the sum of the choice probabilities of the 

alternatives in the partition where the choice probabilities satisfy EBA

on the offered seto With. th.is definition W? can compare the effects of 

externally-imposed agendas on HEM, HBM, and CEBA. 

In:varien.ce. Tversky and Sattath (1979) show that if the aspect 

structure is a preference tree then CESA choice probabilities. are unaffected

• if and on°l,y if, the constrained agenda is compatib:� with the agenda i:mplied

by the preference tree aspect structure. (Two a£endas are compatible if

th.ere is a th.ird agenda· that is a refinement of both} o As shown in figur·e 2,

fu 11 , ba 1 a need des-i gns a 1 so imp 1 y s peci fi c agendas by their aspect structure o 

For example, ·if x
1 = {a1�b1} and w' = {a

2
,b

2
J , EBA would never_yield the

choice set {.x,w} from a full, balanced offered sat, {x,y,v,w} o It turn�

out that choice probabilities of a full, balanced design are unaffected if, 

and only if, the constrained agenda is compatible with the agenda implied

by the aspect structureo We are still investigating the generalization of 

this theorem to any aspect structure.
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Dissimilai> groupings. If choice probabilities.can be. affected_ by 

agendas tt:ien it is possible tliat a marketi.ng mana·ger ·can incr�ase the 1 ike­

Tihood tha·rh.fs product will be chosen -by imiiosing :an agenda. For. example, .. 

he can··i·nfluence ari ·agenda by advertising his product a·s particularly com­

petitive to another product. Witness the advertising battle between Xerox 

copiers l."It 1 s· just as good as a xerox."): and Savin copiers { "Xerox wi.11. 

• probably lluy one before· you do·.'') •

Tversky and Sattath ll979) show that if x',y 1
, and z' form a preference 

tree with {.x:,y}· an one branch.. and {z} .on 'the other branch, then, for CEBA, 

grouping the dissimilar alternative, z, with one of the pair•, say ❖, always 

benefits x, hanns z� and is immaterial ·to .Y. We\can .expect- parallel effect$" 
on fu 11 , • ha 1 anced· des ·i gns o 

I'n fact, suppos'e that x,y,v, and. w fonn a full, balanced design as 

defined aboveo .. Sup.pose further that a;· >a2 and b1> bzo . (Actua 1 ly, these.

inequalities· are defined on the measures·•of the.aspects, n_ot. the aspects o )

Then a dissimilar grouping is an· imposed agenda that forces.a choice among 

{x-;w} and {y,v}- fol lowed by a ·choice within the chosen set. We show that� 

for CEBA', such. a dissimflar grouping hurts x and. helps w. (Note that x 13 

always the greater· probability alternativeo) This would imply that Savin

benefits from being associated with Xerox -while Xerox is hanned by being 

asso·ciited wi.th Sayi_n·o 

·From our results on invariance we know that·CEBA alters choice

probab.ili·ties if the agenda is not compatible with the aspect structure. 

Ori a full, nalanced design a·d1ssimilar grouping is not compatible with
th.e as·pect structure, thus CEBA is not necc::;sari ly �quiva i ent to HEM for
dissimilar groupingso This raises the·question of how dissimilar groupings
affect HEM and HBM. We show that, for HEM, a dissimilar grouping hurts x
and helps w, cut, for·HBM the direction of change, hurt or help d d , epen s
on the relative magnitude of a1, a2, b1, and b2.
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Ident;ificat;ion of Nat;u:rq..Z Hiera::rchias 

In constrained agendas the �arketing manager acts to .influence 
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the agenda that consumers use to choose among products in an offered set.

But suppose the consumer h.imself simplifies a complex choice problem by

partitioning the choice set and choosing among partitions, continuing until 

he purchases one product. We have already discussed how such agendas or 

natural hierarchies can affect managerial decisions on what market to enter. 

For a more comp1e�e discussion of the importance of such hierarchies and 

a case example in the coffee market see Urban and Hauser (1980, chapter 5). 

Such natural hierarch.ies are also important in market definition and the 

identification of strategic business units for strategic planning. 

Mathematically, the problem is to identify the implicit agenda and 

the processing rule that the consumer is using and to do so by observing 

his choice probabilities. Since we have already shown that EBA and HEM 

yield-equivalent choice prooabi lities on preference trees and full, b·alanced 

designs we will not be able to distinguish EBA and HEM on such aspect struc­

tures. It also turns out that choice probabilities for EBA.and HEM on 

these aspect structures . are independent o� the agenda as long as the agenda 

is compaticle-with the aspect structureo Thus, for preference trees or 

fu11, balanced designs we can not, in theory, distinguish EBA from HEM or 

identify their implicit agendas. On the other hand, HBM differs from both 

EBA and HE11 and its choice probabilities depend on the agenda. 

Agenda identifiaationQ The mathematical problem is illustrated in 

figure 5. Ole begin w-ith a full, balanced design because of its importance

in marketing research.} For a full, balanced 2x2 design, two agendas are 

possibleo The consumer can fi'rst decide among a = {a1,a2} then b = {b1,b2}

as shown in figure Sa or h.e can first decide among b then a as shown in 



figure 5b. Call fiaure 5a, ajb; call ftgure 5b,-bla. Our µrobl�� is 

to distinguish alb from bla by observing choice -behavior�-

a1

b
l 

X 

. a) Scnemaiic of the agend�, 

.. 

�2 

y 

alb 

' ,  • • ! 

:(
I 

b
l 

V 

I ,J I• ,. ! 

X V 

b) Schematic of the ·agenda bla

y 
.. •,:

a
z 

' .,. 

Figure .5: TuJo P.ossibZe Ageri.d::.s for a 2 x 2 Design

,. 

·1
b2

w 

. -

w 
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_ 
DiscriminaZ s-tatist;ics. • L=t P(.xj {x;y}) be the probability that

a� ternative x is chos�n from the set tx ,yL Let R(x,y) = P(x I {x ,y}) /Pty\ {x,y})
then �efine z1 such that:

Z1· = ·1n TRtx,y} R (y,w) R tw,v) R tv-,x)] 

We snow that for HBM if i1 > a then alb, if Z, < O then bla, and if z1 = O the
agenda degenerates to CRM which we write, a�b o We can also define:

Zz = ln tR(x,y) R (w,v)] and z3 == ln [R(y,w) R (v,x)J
and show tnat for HBM: 

i} z2 = a and z
3 � o if ajb

ii) z2 � o and z3 � o if a ... b

iii) :z � a and z
3 

= o if bla

Thus, if there were no-measurement erro� we could_ distinguish a\b� b\a� 

and a'\Ob by obser-ving z1 or z2 and z3. (Note that the tests �re n·ot truly

independent since. z1 =·.z2 + Z3 o) 

-We can generalize these tests to more complex designs and determine

whether a precedes b in the agenda (ajlp) even if other aspect pairs inter-­

veneo The tests are straightforward g�neral_izations of the ? x 2 tests 

where the discriminal statistics b��ome averages of quartic comparisons 

in which each quartic comparison holds.all aspect pairs but a and b fixed o 

Thus we can distinguish agendas for full, balanced designs (z.111) with arbi­

trary mo

Ezv.eor theoz-,y. We rarely measure consumer behavior erro r-freeo Fur­

thermore, even if HBM holds, we expect it will hold within some confidence

interval rather than exactly .. Thus we assume· log-normal error on the ratios

of·choice probabilities, R(x,y)'so We use this error theory to derive a

battery of three t-tests to distinguish ajb, b\a, and a-bo
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,The T-oatt.ery distinguishes a!:long agendas, but the probabilit� ratios

may stil 1 not satisfy �h·e axi.oms oi HBM even for the. i�1enti��ed ag�nda. To 
. . . .. 

address this issue we apply the Hauser-Shugan (-198_0) tran�itivi�y F-tests 

to either z1, z2, or z3 wh_ere the average is take� over· repetitions0 

-

Since .z
1 

= 0 for a"'b, ·z2 = O for' a I b, and z3 = 0 for 'b [ a vie' use the trans-

itivity F-tes�s .to det�nnine if the appropriate Z; .. is clos�r to zero (at 
-� , 

some confidence level°) than would be true if HBM did not hold�

Iden�ifica�ion of 'J;Toaessing l?u.Zes

The preceding statistical tests distinguish· -HBM from EBA� HE1-'�� and
- -

CRM .. ,(The case a'vb is actually the hypothesis that·either EBA or HEM or
. . 

CRM holdsol We know- that EBA can not be distinguished from HEM on preference

trees or full, qalanced designs·/ but··that does not mean. the two ·processing 

ru1es are a1ways identi-ca]·"

CEBA vs .. HEM" It turns out that we can identify different processing 

ru1es ·by using constrained ·agendaso Consider a .fu1 l·; balanced design as 

defin.ed above and let ·p([x,wJ I· {x,y,v,wl}_ be the probability �hat the set

{x,w} is ·chosen from {.x:i�v�w}, ·under a const:rain.ed -agenda forcing a choice 

among {x�w} ·versus ·{y,v}o !f we define 'Z4 = P([x.,w] j{x,y;v,w}) - P([y,v] I

• {x,y, v ,rd) then it is· not hard to _show. that .z4:· > 0 for CEBA and z4=o for •HEM 0 

lRemember a 1 > a2 and bl> b20) _1hus z4 becomes�a discriminal statistic for
CEBA versus HEMo An erY'or theory is being investigated. 

'EBA'vso·CRUo Let R (x,111 l'{x�y)v,w}) = P.(xl'fx,y,v,w})/.P(\\ll{x,y,v,\-1})
and define z5 = R(x,wl lx,y ,v ,w}) - R(x,wl lx,w}) o Then we can show that
for a full, balanced desig.n as defined. above, z5 > 0 for· EBA and z5 = Q for
CRMo An error theory is being -investigated for the. d_�scriminal statistic z5.
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•. This paper i_nvestigates agenda� and thei_r ��l�tionship to four cog­

nitive prpcessing ruJes. W� b�gin with a g2neral 1structure iD wh1ch a �hoice

process is defined as a directed graph from sets of alterr.atives to admissible
. . 

subsets and show that a natural definition of an agenda is the order of choice 
. .

among partit•ions ., Our first results concern the equivalence and non-equiva-

1 ence of the va.riou.s processing r.ul e? tCRM, EBA, HEM, and HBM) Qn pref�1:'ence

trees and fu11.� balanced designs •
. . 

We next investigate externally imposed agendas and show that only a 

certain ·class of agendas, those compatible with the aspect structure, do not 

affect ch.o.,ice probabilitieso We make this result.nonnative by showing that 

dissimflar groupings :P for b.oth CEBA and HEM on a full, balanced design� he1p 

the weaker alternative o

Agendas can also be implicito Thus we derive a series of statistic 

tests to distinguish among agendas for HBM and to determine whether HBM is 

a reasonable interpretation of observed choice probabilitieso (Natural, 

compatia1e agendas on full, balanced designs do not affect choice probabi1i­

ties for HEM and EBA}o 

Fina11y, we investigate disc-riminal statistics to distir1guish CEBA 

from HEM and to distinguish EBA from CRMo 



135 

References 

H 
p - nc0

11 

auser> '1.R� and S.M.· Shugan, "Intensity Measures of Consumer- rerere .... ,

Operations Re.seaz,ah, VO 1 . 28, No. 2, March-April 1980, pp: 278-320 • 

Tversky, A., "Eli_mination-by-Aspects: A Theory of Choice", PsychowgiaaZ

Review, vol. 79, No! 1, 197.2, pp. 281-299.°

Tversky, A. 'and· s. Sattath, "Preference Trees"� PsychoZogicdZ RevierJ,

vol. 86, No. 6, pp. 542-573.

Urban, G.L. and J.Ro Hauser, Design and Maz,"-eting of NerJ 'PPoducts,

(Pren"f::ice Ha11_: Engl�wood Cliffs, N.J.)-1980 . 
.. 



Appendi:i:: Exc::rrpZe �aZaulations for CRU, EBA, [[£!1, and i1BU 

Consider the following tree, let T = {x,y,v,w,}: 

I 

Constant �atio. Model (CRM} 

.. 

P(xlT) = (a1+b1) /[(a1+b1) + (a1+b2) + ta2+b1J + (a2+b2)J

PtyjTJ = (a1+o2) _/[(a1+b1) + (a 1+b2
) + ta2+h1J + (a2+bx)]

Elimination by Aspects (EBA) 

where 

P(.xjT} = a1 Plxl{x,y}) + b1 P(xl{x,v})

= a1 !"o1/(b1+b2)] + b1 [a1/(a1+? "J]

= a1b1/[ta1+a2J (b1+b2)]
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Hierarchical Eli�ination Model (HEM) 

Hierarchi-ea1. Balance Model 'tHBMl.

P(xjT) = {ta1+b,+b2J/[ta1+b1+b2J + (az+b1+bz)]} [b1/th, +b2}]

P(.y{Tl = [la1+b1+bz)l[ta1+b1+bz) + (a2+b1+bz)]} [bz/tb1+bz)]
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