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«— OVERVIEW

At Comcast, customer support can cause major costs —  © Not resolving issues means more calls and lost customers.
especially when issues go unresolved. |
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So by leveraging historical data on how we solved issues: : We build an Al engine (LLM + RAG) to generate better solutions.
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—— APPROACH .

LLMs are powerful “learners” — they generate best when given relevant, high-quality information.

So, we build them and train to retrieve best ones at runtime.
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The schema of the catalog is generated in an iterative way:
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« USE CASES '« RESULTS & IMPACT

Our Al engine can apply at two critical phases in the support flow: . By powering more accurate resolutions, our Al engine drives up

retention and cuts costs:
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