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About Macy'’s Inc Problem Statement

Macy’s Next Best Action initiative aims to recommend highly-engaged customer actions—such as credit signup, loyalty upgrade, or channel opt-
. in—based on each user’s behavioral signals. Predicting what customers will do next enables smarter engagement and personalized growth.
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« USA’'s most iconic department store
 Founded in 1858, 166 years history
« 519 stores in USA & online ecommerce
« Offers fashion, beauty, home essentials
« Annual revenue of $23B in 2024 |
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