
Our goal is to develop a data-driven recommendation engine
that identifies the Next Best Topic for each financial advisor,
enabling more personalized conversations and strengthening
MFS’s relationship with advisors.
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Next Best Topic
Personalized Conversations with Financial Advisors
MFS Sponsors: Brian Shaw, Nadine Kawkabani, Tiffany Ke
Faculty Advisor: Prof. Rodrigo Verdi

1. PROBLEM STATEMENT

Currently no systematic use of past interactions to guide
future conversations (relies on expertise and intuition) 

Each MFS sales representative manages relationships
with 4,000+ financial advisors in the U.S. retail market

2. BUSINESS OBJECTIVE

Method 1: Collaborative Filtering

Method 2: Cluster Profiling

4. BUSINESS IMPACT

5. FUTURE WORK & IMPROVEMENTS

Learns from past interactions of all advisors to recommend the most relevant next topic. 

Segments advisors into interpretable clusters using soft clustering for flexible group assignment.

Model Comparison: compare model performance by gathering user feedback and validate results through A/B testing
Model Enhancement: explore hybrid and ensemble models to further improve the robustness of recommendations
Expand Topic Taxonomy: incorporate additional data sources and expand the taxonomy to cover a broader range of financial topics

Efficiency—how much money did we save? 

Reduces prep time for sales representatives, leading to labor cost savings.

70 reps 48 weeks 8 hours $400/h

$537K
Estimated

annual savings
in prep time

Effectiveness—how much money did we earn?
Expands advisor reach, leading to increased product sales.

$1.95M
Estimated next-year

AUM increase

Soft Clustering Example
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Our model identified nine optimal clusters. Three examples are shown below.

Cluster 1
Long Tenured High

Value Advisors 

Cluster 2
Highly Engaged High

Value Partners

Cluster 3
Southeast Fixed
Income Advisors

Cluster Profile Description Share of Advisors

Config 1: MinMax norm, no weighting, F=5, Reg=0.5
Config 2: MinMax norm, no weighting, F=10, Reg=0.5
Config 3: MinMax norm, no weighting F=15, Reg=1.0
Config 4: No norm, BM25, K1=75, B=0.4, F=5, Reg=0.01
Config 5: No norm, BM25, K1=150, B=0.4, F=5, Reg=1.0

3.26

Experienced, long tenured advisors with
consistently strong sales and well
established relationships with MFS

Highly engaged Midwest advisors with
strong sales and frequent interactions with
MFS

Southeast fixed income focused advisors
with strong sales but relatively low
engagement with MFS

Translating project outcomes into meaningful business value for the broader MFS Distribution Team.
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