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Problem Statement

Context
McKinsey is a consulting firm that provides clients with
expertise and valuable insights to tackle their challenges.
The firm’s consultants leverage an extensive internal slide
library to learn from past studies and design
presentations grounded in existing data and analysis.
Problem
There’s no search tool that indexes both slide
content (text, data...) and visuals (charts,
diagram...), forcing manual, time-consuming searches.
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The tool returns a panel
of relevant slides

They query for the slide
they want

A consultant making a
slide needs inspiration

> Integrate a new slide search engine to
McKinsey’s PowerPoint plugin

» Retrieve 20 most relevant slides based on
a content or layout query, in less than two
seconds

PowerPoint Slides User queries
[<8§>] Diverse slides @Q collected through
°°° ) featuring charts, workshops and
images and consulting synthetic data
layouts generation

Methodology
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Recall performance

Recall@20 for 800 queries and 10,000 slides

Embeddings Analysis

+4% through
reranker model
fine-tuning C
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45%

+19% through
prompt refinement

28%

PC2 (3.49% variance)

Slide Layout Descriptions (800)
Slide Raw Text (800)
Queries (hybrid) (78)
Queries (layout) (200)
Queries (content) (59)

PC1 (19.13% variance)

Two-Dimensional Projection of a subset
slide and query embeddings.
Queries span the space from
content to layout, including in-
between hybrid scenarios.

RAG Baseline Add Classifier Add Tags

Add Reranking

We compared the performance of several pipelines on
queries that target the visual components of a slide

Plugin Embedded Output Ul

Precision Performance

ELO score evolution between 4 models

Q. Aslide with a pie chart on the left and bullet points on the right
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Retrieval battle

We validated those results with a precision
benchmark system consisting of a series of duels

1

The user accesses the search engine directly in
a tab within PowerPoint. Slides can be
inserted at the current position in the deck.

Business Impact

W/ Higher quality slides retrieved in less than 2 seconds

Currently deployed for test audience with roadmap in
eV place to deploy firmwide

®

~325k yearly consultant hours saved via the
PowerPoint Plugin (already 15k users)

Future Work

d Enable continuous ingestion of new documents
into the retrieval pool via integration with
McKinsey’s knowledge base

d Tags adjustments based on consultant experience
feedback and tool monitoring
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