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Problem Statement Deliverables

. Data Ecosystem Predictive Modeling Dashboard

Decentralized Create System to Identify students
data systems Monitor at risk

Centralized Data Infrastructure: Create a data ecosystem where Teach The World Foundation can
TTWEF’s decentralized data systems lack cohesion, making it difficult to being to make decisions based on data.

scale analytics and drive organization-wide impact.
Real-Time Monitoring Dashboard: Develop a method to monitor the organization in a user friendly
Without a system to monitor regions or schools in real time, TTWF lacks ]l  manner.

visibility into where support is most urgently needed, leaving struggling

areas undetected until it’s too late. Student Evaluation & Intervention Framework: To create a way to detect dropouts based on activity

data for stakeholders to intervene.

Creating an Infrastructure Creating Indexes
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Dashboard Survival Analysis
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Intuitive Visualizations: Interactive

charts and graphs display student Cox Proportional Hazards Model
performance, learning progress, and h(t|X) = ho(t) - exp(X T B)
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Drill-Down Capabilities: Users can C omputer Vision
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Impact and Reflection Next Steps

Our work has laid the foundation for a data-driven
future at TTWF, moving the organization from
fragmented data to a unified ecosystem that
empowers staff and improves student outcomes.

Fragmented data Deploy Predict.ive Alerts: Integrate the
dropout model into the dashboard for

35GB of raw logs Disjointed Spreadsheets proactive staff intervention.

Our real-time monitoring dashboard centralizes Pilot Attendance Tracking: Test the computer
key metrics from more than Our Solution vision attendance system 1n a pilot program.

Ceitialllued D Real-Time Monitorin .
2 O O O O Pipeline 5 Launch a Chatbot: Build a RAG-powered
° chatbot for staff to query the knowledge base.

Students across

1 4 O Scalable Foundation for Growth Expand the Data Pipeline: Add new data

. . . sources to the centralized database for a more
Increased Funding Proactive Intervention . .
Schools all around Pakistan ComprehenSIVG VIEW.




